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2. 202562420 Main Conference : large Language Models &
Generative Al Session &4

©(09:30-10:30) 7|=<¥A : Critical reflections on Computational Urban
Planning (Rob Kitchin)

- o] AL 7|1z =E AFY 7l (A4, computation) EA] Aol st W]

00 W7t &3 AAEA]AE (Computational Uraban Planning) A4S
o A, I35}, 7]E 5= 1HTE TAAEY] X&EHQ] WA dis] mji
7

mmable City(2013~2018), Building City Dashboard(2016~2020), Data Stori
es : Planning and Property Data(2022~2027)ol thsl] A715t1 o|g® o]
4 (ideological framing), A&, FAHAY, Etgd4, &2, Be, 8 & HIFH

TRM AFEAAR(CUP) & =&

©11:00-12:00) Large Language Models & Generative Al — 1
— Presentation #1 : Beyond Street View: Integrating Multimodal LLM for
Comprehensive Urban Perception Mining in Urban Parks(Hyebin Kim,
Jaewon Han, Sugie Lee)
« HE| R EAo R (MLLM) & E8&5to] 2 AEYE | on|x|e}t A}
A 2R 7] 1A xpolg EAMT(GPT-40E &8t A3 olujx] AL

Azt ¢i5z THE W HAE J|de] A8l BB A7 uiE, A
So et B gFm pAEe] wABHel A Brkel AL T AL
019_)
=]

T 2 | MM UE 221 AHXl (Presentation #1,#2)

¢ |

A= MK &Y




— Presentation #2 : Leveraging Multi—-Source Textural UGC for Neighbourhood
Housing Quality Assessment: A GPT-Enhanced Framework(Qiyuan Hong)

+ Feo] FAMHQB7ME 71ES] =aqord, HARNER YHAM Reotd
A BAE HEshr] 98 2R, wY S HAEVNRY ARSAMYY AYWE
£ g8t GPT 7IWhe] = AAAE At GPT-4oE EEstaL
AE x5}, AFEH & HEote] RAARVEA B TR AR
FEYEE A & das A

— Presentation #3 : Urban artificial intelligence: Framework and its application

in urban science and practice(Yue Ma)

* UrbanAlE ¢t MAAQ] ZHYUIE AAISH A1=Z Al 7|HS 55 TA
A, Al Y-S 55 TA] 3719 A, AIE &85 HAEAISE T 9
AZER] AAZ At Z=A] Alo tist /@A AF3x ggs] =

O 3 | MM UE 23 ARl (Presentation #2,#3)

d were used to delinea

Were then spatially ma hed to individug mmuni
hen sp ially matched to jr ividual cor i
commug

e community
ommunity boundaries, o assessmens

es.

Score = Zw‘ 15,43]

Atz [A H2E



©(13:30-14:30) Large Language Models & Generative Al — 2

— Presentation #1 : Knowledge Graph Generation from Urban Planning
Texts: A Comparative Analysis for Climate Change Adaptation in New
York and Shanghai Master Plans(Lili Lin, Seoul National University)

» TAAGRA FES 8 X4 a#=Z (Knowlege Graph, KG)E &-83

()
< 71FESRS, BANE B FA o KG =E8 e szl A
of ME(NLP), A4¥ tF=dolme(LLM)S HEsto] =& Adshe
AR AT 2AE AN D B WY LLME AT

_ll)ll
&
>
in
—{o _1
n&“
o
ot
rO

sfolnels malo] FeHgzt Ry

O 4 | ME 2E AR

| Methodology | Methodology

3.2 Knowledge Graph building method

Methods: Direct LLM-model scored frequency

Knowledge graph identification o1- Nodes definition

daptation
(© Model built-up and pre-processing

The relationship is estimated by OpenAI GPT- 4 API
Ask LLM to assess the im portance of each fixed node
entities within the context of the planning document;
the strength of relation ships between pairs of entities.

O Nodes v»e)ghxs estimation

Other 5 topics focused on urban planning

Sustainable Development
Land use planning
e keywords from topics are m
stration and model perfor|
=
=}

— Presentation #2 : Lead, Follow, or Get Out of the Way: How Should the
Planning Profession Regard Generative AI? (John Landis, University of

Pennsylvania)

« A4y Al BEe] g8o] XY AZRA | Ed=E= AlF o] 7les AET
Al HAMR] d750] 28T AFHUE =X

« ARG EAAELS A" JAL FHAA 5HR HER AIZIE AFHE] olF
o|GA WolEdA] 1RIsfoF sh= AR, AE(lead)= AGdo]H, ZHAIR
4 S B et B2 BAOA AAE AT £3st= A, FF
(follow) > o2 FA7F Al Bds /g dizix] 7|gdsitib ool Est=
72, HAAME Z(get out of the way)S AE Gdx}7} RpAlofA #Heksl Wt

Aoz MATY Al(GenAl) E AlL3IEE sl= A



3% 5 | MM LE A (Presentation #2)

5. MOVING AHEAD —

Az XA 2F

— Presentation #3 : Comparative Analysis of Deep Learning and Large
Language Models in Time Series Traffic Flow Prediction(YUE LIQUNSHAN
ZHAOQ, University of Glasgow)
© AAGH BF 58S dEshed o] Ped mdn LM 2P H5e

Hlad g gede Mz o2 Hold A gl $A Ak Hol: ww
geigole] JFL Wob Yo} Fole] weh LA} s

J2 6 | MM 2HE ARl (Presentation #3)

~

ison of the post-COVID-19 and entire dataset performance (MAE, RMSE, MAPE) of models across different
context lengths.

e e .a

A= MK EY

0 (14:45-15:45) Sustainability & Climate Change 1

— Presentation #1 : Scenario Planning and Agent—Based Modeling to Envision
the Circular City: Exploring Urban Development Choices and Carbon
Neutral Futures(Courtney Bower, Cornell University)

x  EA7ER (developer) Q] QAMEAR S ©5l7] 5] oA EI|vIR Y
(ABM)= &8st Augle Aozt MHES AAL 83 Y Ald
g s A5 Hdl AUl AE, dE HE YW AAE w40 =Al A
A LAZkA FEo Al 9 Fkske ABMAA, KeiAbE 79 wd
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— Presentation #2 : Towards Net Zero: C')onve.rtingf é}aere ) Sal;)rrlr;r)nutes to
Bicycling in Australia(Dr. Scott Lieske, Umversonyi(i ]7}1 o e
« @A BEE RFeAblA AAAR HE & 04; =4 T HHEE e o
FFe AU 7o R oﬂi WEST :&JL;; ;q_]/\] 3
7} 2 xdg motste] wEST Ao ’_\va: ;t;;]aoﬂg] et e
= CE FAoRE SF W =2
* ”3322 a’;)’jiﬂ ;74?4 52 A(<10km)o] AHAAZ AEE 7

: S 3400 G Aol Fol MgsA A S AR Fae

W

o)

|

\Iodollmcy

1: Estimate total GHG emissions frop

Steps (at 1 1€ suburb scale)

1 Commuting by traye] mode
2: Identu‘\ the number of short car trips; the potentia] for mode shift from cars to bicycl

3: Model annual GHG emissions produced by short car commuting trips

4: Create scenarios of mode shift from car to bicycling and fuel shift to EVs

Scenarios

Parameters

Electric(
Conservative Minimum Effort of All Best Feasible

Conversion Rate (cr) 20% 100% o 2

K 5 days/week 0
Frequency (f), annually 1 day/week 1day/weel =
Conversion Rate (cr)

0 o ¢
0 9 >
0

— o,
=1 ceod [

001 o0 o
- 2 5
~ o
A
- -
S
— S 4
D s "
0 - 9 o
0 0 D 0
D ( —
a 0 10 ger be d fo 0 . 7 0
: » 01 Lhe co 0 - AL on o
O 0
dashboard proyig 0 on o : i
0
m 0
P a d 0 d support 1o 3 ;
i ng 0 d 0 d 0
0 [ g a D 0
0 ( 0 ( 0 -
0
h; = -
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— Presentation #3 : An Urban Fabric Generator (UFG) for the Assessment of
Climate Hazards on Future Urban Development(Stuart Barr, Newcastle
University)

« 719G e ZAAEY P HSAYS s 3Ee AlEHelA 51
95t dolHRdE R Z=A|7ZEAA7](Urban Fabric Generator, UFG)E AJA]
skl %’\‘ﬂ A AR Fol E83 ARE Foll UFGY &4

_4
—l—l

J2 9 | Sustainability & Climate Change 1 MM ®H ARXl (Presentation #3)

Az MAFEHYE

©(16:15-17:15) Large Language Models & Generative Al — 4
— Presentation #1 : Al as Co—Creator in Urban Planning(Dr. Zhong—Ren
Peng, University of Florida)
« TAAIZOA AIS] HAA gl dis] 2. Al X AlE, Al
Al A3t AlE, Al A&t Al dis] =2

ot

oM

BAZ

)

_’IO_



T2 10 | MM 2HE AR (Presentation #1, Dr. Zhong—Ren Peng)

nd:

[aborative approach

s

FLORIDN

g A Y

— Presentation #2 : A New Paradigm in Technical Support 'for Planning
Participation: ChatGPT—-Assisted and AI—Pov'fereq Planning  Support
Systems(Dr Steven Jige Quan, Seoul National University)

+ ChalGPTSt 2 d72Qloluds B8dct oIy AUNY AAdERS)
oA ARIEIS) Aad ASAE BHS] AT SRS AN AL 3
e A ANEY o7 49 W BA E7 Y, 29 Z2HE BolF

T2 11 | MM 2HE ARR (Presentation #2, Dr. Steven Jige Quan)

A new ChatGPT—assisted PPSS platform

Simulation of planning process
@%WM Design/Plan Evaluation

68 The Public
i

Resident

Stakehy ’ impeinai on

Stakeholders @ 7 ’R = ‘ : impesontath Project Deserit
sitor

hatGP-enabieq
d

DotoAndiss  DesigPion Abemcties  Desgrion vy

- | Alternative Designs from Stakeholders

Putkton

v

ChatGPT-enabled
Task Agents

— | Tl ol
Deep Gen Models Group Decision Models | .+
e

Planning Knowledge Project Knowledge.

g A Y

_'I'I_



3. 2025.6.25.(%) Main Conference : 15-Minute City Concept,
Sustainability & Climate Change Session &Al %! ST (Poster)

o (09:30-10:30) 71244 : Hannah Fry

— UCL CASAdA TA] $£8& AFRSl= Hannah Fry 147} 4:5to] 7]¥kst &
AAZ S njof il 7|2HAd

O3 12 | 7|=¢4 AR

- ‘ ‘ e — ——— - ——
AtZ: E2AH. https://www.flickr.com/photos/thebartlett-ucl/54617620075/in/album-72177720327163127/

0(13:30-14:30) 15 — Minute City Concept 1

— Presentation #1 : Intention to Live in a 15-Minute City ?Results of
Video—based Stated Preference Experiment(Ph.D. Candidate Lan Aij,
Hiroshima University)

* 712 AFE0] 158 TA|Q Q= o] =H

o
M
)
g
o
Az
oy
>
2
)
X

StAL sk AFEES 9%, Ogal o FFE vXle 82ds0l disf A+
» & ASE 7Hd3Al Al (Stated Preference Virtual Reality Experiment)
< 9% vge 7|ute] HEXRAL &5 & AREAE S5 B I, =
2 TR} 168 EA| AF T 38F JFS nlrle Aoz Yed
* ofbge] HPFATNEE IHAAE FIAFo] 168 EA| AF Il uiziA
ot

_12_



— Presentation #2 : Temporal Disparities in Urban Walkability: Assessing
Day and Night Accessibility in Milan through a Spatiotemporal 15—Minute
City Framework(Lamia Abdelfattah, Fondazione Transform Transport ETS)

« Oo|geol WetkoM £qH A=, HIPRF FHIAPY AlTHE ZPolE TAL

A}

s« QEALAQl 158 EA] AF0{(15min City Score Toolkit)ES #HAEHlo]Xs}
I GIS 7]8ke] Alg7t BXo g 168 HIAHS F4, 729 POl SGAITH
o
=

© ATAT, By Al @NF AolS HEw S5 oRAulA 7heA
o whet 4FE AolE Holw glo] EARGY AE BEAlC] ARPE wIg

— Presentation #3 : Community Service Facility Location for 15—minute City
using LP Optimization(Dr. JUNYOUNG CHOI, The Seoul Institute)
« FURGAR A Fuge 2P nHste] o7, 4Y, T3, BF 59
AldE Hix|steE Zlo] wle Fa3Hd F2/d ol9dr MER AE FEX|¢
o B, 7I1EAAELS #A, FH FHige] #d 4 T FYF 1Y I8

« o] ARolME A PHE F skl HFA

e}

EH (Linear Programming,

LP)& gsto] A|g Mulx Ade] 332 9% AlMux 29 AL 2
g HolE

« 158 EA] FA A, A AAe] okl ik AlME mEfsiol AMe |
Tt @go] s HET & e

© (14:45-15:45) 15-Minute City Concept 2
— Presentation #1 : Deconstructing neighbourhoods: developping and applying

methodsto understand liveability in neighbourhoods(Mr Philyoung Jeong,

University College London)

« POI Hlolele} o] 554l Holel Bgsto] xJatsle] SHe £2

* SEAEHY 7]EF HIHES &85t 1568 ZA9 7|HksE AFAE K|$
(Liveability Index)& 72t A3 AF/9 373 delo] FHsHA Uehd

« SAY Felet AHEE BEIre] HEAES WP FolE YN EAA
2 2 AH 5 A s

_13_



O3 13 | MM & AtRl (Presentation #2, )

A=z MR Z2Y

— Presentation #2 : What Contributes to Individuals' ‘15-Minute City’ Travel
Behavior? An Investigation of the Dutch National Travel Survey(Dr Tanhua
Jin, Vrije Universiteit Amsterdam)

c USUE B2 wERA Holgel MERAL FE vioR TaYRY Y
Zgstol YPATIM 15% olFol] nlxE 4SS BA
 RFEA Aol FH B4 5 UAH 23 olFWE SHEE 77, 7
ol WIE) 5ol PP WAZ RS AW REA &f ¥} 158 o
Sof PR P (Y, RHUE E AL 152 o5 o ol
U nASE oiEAs 23R %S

_14_



J2 14 | MM 2E AR (Presentation #2, )

Key points of SEM mode|

|
i

Standardized

eflects

== F
Urbanization profiles ;

que ling ] 0,499
Suonglyurban 1

:
T B s o M
L
- Frec WIS Y (i o IOREDR Very urban
TR - 1 o e

Tt serin D
0278
Noturband

o eysing J- 0,50
L p—
requency of oycling B roviityanis il T T CEREDs Moderately urban
4 T ISR o I oot
Latntvariablouncbsenied = [ | 5

EXOGENOUS variables.

Income el

. ENDOGENOUS variables

PetsMinTrip

Susainablo
obiiy habits Fousohold san | | PL.0un |
Frequency ol FT_5171 (Childron_undsr 6
 Noncartravelmode - Nomcarmetmode [Frequencyarer 1, esicaion |
5 smin . o ||

It loads positively on bike usage and public transit usage in all groups, cg
g0 hand-in-hand. In the most urbanized context, transit use loag
(indicating transit is a bigger c of mobility in dense citie

factor is driven more by cycling.

Presentation #3 : Urban economic dynamics based on geolocated datasets

under the COVID-19 pandemic: a case study of Busan Metropolitan City,
South Korea(Dr Jinhee Park, University of Seoul)

« Wego tfgsk= AE =X] SliA A, sliA F, siA olFY olF A AA
el FAste] Qx| | EEE gl disl 1

= Kol A5
« HAAE A2 2ubd dolElet AnlHolHE ©]&3tY SAMI 45 43
* o] AF7F AFY ARG FHIAdl B Aolw °o]F Sl nE
A JiEE HS #as] & 4 glon EAbEold HSE olF Aade
- = = !
Bol wao) Reks dsleln Al £9 2 AAE AxE BN 5 S

_15_



J2 15 | MM 2HE ARl (Presentation #3, Dr. Jinhee Park)

Research Fingings

Urban activity Patterng

A=z MA E2E

— Presentation #4(Participatory Planning Session) : Simulating Power Dynamics
in Social Media Participation in Digital Planning: An Agent—Based Model
Approach(Junyao He, Utrecht University)

« 24 wltje] HolHE XL AMYEND EHE Bl £l A9 =
oM 4BALE, ARBE, AHWAZ AEeold 7] 98 ZHUAYAE A
Al %

« WYX AL (ABM)S B-85t] AgHold staxt

sfo] ol oA
=
o

Introduction Case Studies Methodology

Model: Agent-based Modelling

e e
= .y o
o

The Prototype of ABM Simulation

Built using Python with MESA, Dash, and Plotly, the
model integrates real case data and captures
participation, interaction, and deletion dynamics:
under authoritarian conditions.
The Developmentof Simulating Network

O, 256208 i

A=z ML E2E



o (15:45-17:30) ¥#& (poster)
— Presentation #1 : Big data and Al for Cities and Planning(Donghan Kim,

David Kim, Korea Research Institute for Human Settlements)
¢ FEAFR, FELEV|SANEAT A F7 FQ UeoHE FEI ATA
71Nt ZAIAE 7N 4%*01] o gt 7H39‘r N FQ F8 7l A,
71eNEAY SFAALt F AE E AL 7|9 TAAE "ol oisf I®

Pl
Mohnﬂ and o promote mare oK scetfic panring on

fir awv\ ning support system and platform. Dozens of academic.

Integration into Formal/Urban Planning Framew

0 |m il '“" | """‘l’ I

g

IFE MA 23

P

_’|7_



3% 18 | ¥E % Mgy

Presentation #2 : Machine Learning—based House Price Prediction for

Near—Future Sea Level Rise Scenarios(David Kim, Korea Research

Institute for Human Settlements)

« S|4 A4 (Sea Level Raising)o] aioF FeAAAro] wlx]E= Jgko] dist &
TE 71EY dF50] d¥Elae] 2HE #FE EXE RF

+ FEIHE S| Aol Holuta BriEle EF7PNE maled 2
XGBoostel FE7HA Ho[HE 8519 7|E A7 Al Reked

+ ATt A3 TERIPE =2 A9 A AEAE R Fofkt Xy, o=l A

7} Ba 450 we xldjos eht

nge on
|

A=z MR Z2Y

_’|8_



— Presentations : ¥d A2 Fus A3 AHEE

J8 19 | A UH - A7 FHOAR

%

of = s =Xx]5 ol
Urban Planning: Th :L:;n;l':;:tlnltlnl" o A7tEE TARANEH (URA)_Oﬂ/ﬂ ‘T‘;\(_]:]‘—T—'- M:
rough Singapor® = = = =R BA dlde A% =AARTgd)

velopme
Urban Redeve!
tegrated, intelligent decision

imp
esand
(R ce planning process
system 10 enhan
Support ecosy
outcomes.

Janing proces 0
olutions within the pl
oo it hter feedhack oops and

- 2021¥BE REW B Al £3HE FE0
ty through automation. This allows PLAN AIE %io]
e fcus on reth,cognlve sk “
I =W S|
A and :-'7.-"-.- ; ‘ PLAN, Al )J—]E_‘E‘li

EA ePlanner(¢1oj =74t
i ey T L Tl Mu| A0l Gazetteer EngineS Z-83lo] gAiE
fow ARE Aeddsta AlZ4sheb Urban
Design Visualisation E=Tt(AI 719t o]u]x] AJA
Az E22)E ot FAl £F9 A ¢RIl
Auge AGHE B4 > 3/ He TFelA
e 2y A9

impie

Spatial Trend Visuallzation:
‘Once locations and keywords
are entracted, hotspots of
concerns and rend graphs.

Planner Dashboard.
mproved Aesponsvenes: Thi

e s - GPT-40, o03-mini& X33t NEARY
evidence based policy-making and community engagement. (Development ContrOI ASSiStant)g} 7‘—:1:01 Euﬂ(‘)l
r_d Smart Urban Planning Assistant (SUPA)

UPA, 8 smart s
Applications (OAs) quickly o inform decisions on new cases
Automated Case Retrieval: SUPA
‘enables predise searching across
the DA database using heywords,
fiters, and natural lnguage
Queries. ts semantic search
pabllties surface relevant cases

1 AR ARTE AEstel A A w
M, 773 £ 9tE A

Control Assistant
helps officers quickly check regulatory

T e C A KSW AN AAY R kel xel)
would miss. “va xn;n_ E E °
- : iz~ s B8

A0 Coud Yenord, e

Sirad
O ol S Cntctn Rt g EJ:‘.DEX (o LTIV

¢
TRANSFORMING HOW WE PLAN & DESIGN
Improving the Accessibility of Urban Planning

Capabilities by Integrating Complex Algorithms
into a Web-based Tool .

Singapore’s land scarcity and high urban density require

o ANEE TAAZN FEEHE EXSLL 43 e s
Multiple land use scenarios for desired outcomes,
- =) = including liveability, sustainability and economic
AR A BEE A HAUZ
= - e

considerations. Such simulations often require multiple
software tools and specialised skills across various

disciplines. There is opportunity to streamline plan-
making processes by unifying these tools under a single
intuitive interface.

i)

rmation System (GIS) web a
ban Redevelopment Authorit

X.I ‘:]- Ive see Fig 1). lmﬁauowﬂhalrum‘enmohe |
- BB D80l Y JEES 4BeE Y B i
9 g Has =
S X = =l =
° B EAAS] Hoiota AgHoltohe e &%
2 33} BAlo] Aol =70 BT AAR e
-  Loumchie uan Syt ol
- @A F FQ duloly 7t AIAsEs €& == .
S ult GPR (Gr0ss lot Ratio)valueof
B EAAS Fl&LelN nHelcl @ WESL 1 e
Y YER 2, F58E FE Sl 37 CwE————

decoupled back-end architecture offers several advantages: scalabilty for computational demands, flexibility to integrate diverse tools, and
i 8

e Y
coutawrad, gm W,
Riovrionment T e i o o e ko g_ll"b.EX C#PUM
ooy Contact us at URBEX@ura.govsg © 3
L
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R Al SN NS ot
a 7] 98l 4AH wAFe TAStAE e BA
Modeling Horizontal and Vertical Urban Growth c°'"p|°’“ty s _ -
Jiagi Liang!2, Rafael Prieto-Curiel!, Guillermo Prieto Viertel! Science Hub - Google Researchoﬂ/\‘] Xﬂ%’—ﬁ}% J—iaﬂ% _1}_9] ﬁ?l
" Complexity Science Hub, Vienina, Austria %Graz University of Technology, Graz, Austria c#PUM o qe
Antananarivo, Madagascar (2016-2023) Abidjan, Cote d'lvoire (2016-2023) 7{1% O]U]X] E‘ﬂ O]E‘]‘%‘ 7;']]%'8]“1—1:‘ Open Bu11d1ngs

2.5D Temporal Dataset(2016-2023)< AF&3}

of ofzz|7}, "otAloh, FHOrAloh B ol

. R = - j_H S B A
RESEARCH QUESTIONS s 27k, FhElEE XHe TA| 4% sjEs B4
© Fooctient il St groworzonatyans | Rem :
B e G

How do cities grow spatially over time?
-

. 1000
ety

Horizontal Construction " *

M=

Blarge cama B largo xarge
Vertical Profile H

Helght vs. Remotene:

% Agent-Based Approach Using London's 2021 Census o
+%Origin-Destination Data

Hyesop Shin, University of Auckland | Universly of Glasgow.

- 9= ApxEAATe] 0-D HolHE B8] S
F ols4 WHe A4 ¢ ATEEC OD WL
F@ste] 607890l AW AF ololHES Ads)

© Exposure Estimation
s 1y

- WHO ti7|d 7|2o=2 Zet¢= 79t 7l S
o]

ggsto ti&F Holg AHE =
SE Results
- BARG AFAL o0l ¥ ATE B o
= | ‘n exposure leves (Fig 3)
A4 =52 97, d9 9% X AFR gAML
QIR ENESE

A=z MR 2F



4. 2025.6.26.(=) Main Conference : Large Language Models &
Generative Al Session &ai

0 (09:30-10:30) 7]1=99A: Artificial Intelligence(Al) in Planning and Design
(Michael Batty, UCL)

- AR AFFHEAME(UCL CASA)9| &0 4721 who] & wiE a9

Nz a4

LAY 75 B SAERAE SAAT A BFE B HAAp AEH o]
RN ALS] HAb thsf =2

- AlE B2 FHE oty 4 mdy A2(ARE vs. A9/ A F

vs. 7 3)
- EAAIETIY ok & 2 - EAIE AFEVE HA 9
computers!). AI®] 7|8kl A Al 2"l-S 7 Eet=T

J% 20 | 71294 X HE Xz ¥R

@ U A N T A Digital Twin S e ; =
for British Cities g & =/

i Job Accessibility

B

Casg

Arfificial Inteligence in Urban Planning and Design

_Cloud Cities C#rUM gt Where Do We Go From Here

* Where Does Al Go From Here? Aaron Wildavsky once wrote
a famous article in Policy Sciences in 1973 called “If
Planning is everything, maybe its nothing”. We can say the
same about Al. “If Al is everything, maybe its nothing”; or
can we say: “If Al is everywhere, maybe its nowhere"

+ The methods we use to understand the city are being
imported into cities. Cities are becoming computers!

» There is a conundrum in Al: This is: we can use Al to develop
real systems that are based on Al. The Al in both cases is
similar in that it is based on machine learning - from plans to
autonomous vehicles — from writing essays to .........

Artificial Intelligence (Al) in
Planning and Design

! Michael Batty
3 5 (CASA)

Artificial Intelligence in Urban Planning and Design
=

Xta: MAF 2Y, Michael Batty 2025.

_2']_



O (11:00-12:00) Large Language Models & Generative Al Session

— Presentation #1 : Predicting Building Typology based on Street View
Imageries using Artificial Intelligence and Natural Language Processing (Dr
Zahratu Shabrina, King's College London)

* 72 2EZE § onX|E 7Rt AE S FESHE dadE N

IJ>

=

* GPT 4.0, Claude 3.5 Sonnet, Gemini 1.5 Pro, LLaV -N s
HdAo)2d (Vision Language Model, VLM)DQ] 7|58 &835l1, LH
A& Fd HHE B8 vla 29E = F

« A3t A3}, Chain of Thoughts(CoT) ZE2ES AME38l= Gemini 1.5 Pro
o] JEoot 7Pg =A FEE

=

J2 21 | MM &2 ARl (Presentation #1)
———— |
Prompt Optimisation
7 R Precursors: Al (left) vs. Human (right) (n=6,000)
[ ovidedbromping MergedPromping
=1 Iy
m=] | ?Ti‘i,i (==
: i
== w;fﬁ =y "f::]

Az XA 2F

— Presentation #2 : MultiSense DumpSpotter: A Multi-Modal Large Language
Model Approach for the Identification and Analysis of Urban Improper
Waste Dumpsites(Siwei Zhang, The University of Hong Kong)
 TAl U #H71E ufgX] #E Y8l 72 MultiSense DumpSpotter 7H2F
¢« ged Bdu diRdelRde BFste] x7] oulx] A%, AP, F,

A% A4 2 AT, BARN HIA AE AR Tbsd 24
— Presentation #3 : Comparing human & AI perceptions: a streetscape analysis
for various activity suitability (Jiatong Li, Tsinghua University)
* FRE Ao (Multi Modal LLM, MLLM)Z 2801 HAEZALE
Ed A7} EAZZ Tk QI7te] Q1AlS AlEFo]A SHEE 3 A} 95%09]
el dBdE Eo mAAEY FEE dFtolsel MLLMS FAjg s &<l

1) AFE udn "AdolHY 715 AT ABAS 2. dFLelol LALLM uHed Ex A2 o
Al g5 ZAgtst 7zlog HE|RE Al A|ABRIO 2 A5 & Shhttps://www.ibm.com/kr-ko/thin
k/topics/vision-language-models#)
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2 22 | MM 2HE ARl (Presentation #2, 3)

Wrap Up / Key Takeaways

Advancements in Urban Waste Detection: =
Monitoring Street-Level Improper Dumpsites via a Multi-Modal ==
and LLM-Based Framework X
Zhang, Siwei (Sylvia)

PhO. Candidat

Dr. Ma, Jun

2. Methodology

2.1 Colle reet view images (SVis)
O Taking & !

| cucL S

A=z ML H2F

— Presentation #4 : Semantic Clustering and Visualization of Citizen Reports for

Enhanced Urban Decision—Making(Yu—Ming Chang, National Taipei

University of Technology)

« el oadRe Asly] fal Ause] BaA doleg BAsia Alzts
she 9%x, AFoE zYdYa A

« Al Bx}F RS uxiY #HEIsly SFEAHY dudES FHEs & Ay
& AZtete $s UMAP2DE &83t AHY HA7|H& &8F
« A9 siein}t JAaAE gofste] 288 EAel, Aheblw, FREA

2 x4

2) UMAP(Uniform Manifold Approximation and Projection) : A}gEA7]H % _E}Uri Al Z¥stof O:}j%ﬂi
7]%. t-SNE & fAfstth dejAq Qlov; Jwnt o w21 2 golgAllo] Aglstn] Holge] MR Lx

o A H&E5H= 7l o2 mItE (https://umap-learn.readthedocs.io/en/latest/)
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Report Compile
Embedding .i.. Clustering

Embed reports into n. Conduct K-Means e, Connect to the reality
high-dimensional= 1o cluster reports L] to visualize the report

vector space IHII vectors distribution

Dimentionality
Reduction

H |
H
H 5 o5
! | Effici -
H lent computation PPy
H
e : ; & visuaization -1
H
Dataset S Insights
Employ LLM to
H comprehend contents
H

and provide insights

1 Rescale Similarity
'
Responsive Search H Rearrange retrieval '
results as a graph & re~
—

cluster the results.

Searching
% o ®
N .° Graph Display ~
Loverage similarity '8 5 ‘Community Detection
matching toretrieve @ ° Rearrange retrieval ~
relevant data results as a graph for - h re-scaled similarity
a. score Is used as weight

detalled insights
to re~cluster the graph

A=z MR Z2Y

O (13:30-14:30) Large Language Models & Generative Al Session
— Presentation #1 : Exploration and Application of Multimodal Large Language
Models for Evaluating and Interpreting Urban Decay (Tian Zheng,
Tsinghua University)
x A 2|ElE Hrlsta sjAdstr] s MLLMS &83t A £33 AgY
¥, B9, MLLME d¥sto] 4898 Brlshe =
« FF AYAE gaes Wie An, wARYN alEs wists AT
TAISE g QIR YGoN HET FEHA
* MLLM< &3 #7h= QIgt H7EAF div] ©
A, 27|12 7Fed A9, &85 ¥
8 gRlo= sld
— Presentation #2 : Incorporating LLMs for Large—Scale Urban Complex

i
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MobilitySimulation (Yu—Lun Song, Massachusetts Institute of Technology)

* LLMY} A7 IRER " (ABM) = 5@5to] EA] o]5/dol disl Al&gold

* 71& gt 7|8k ABM¥} €2 LLM= &85t FA4d7 Z=ads AJ/dst
A AR 2 EARTIE YRE I % Ui 9ES FRE AlEdeld

CFE A, U=y L AT A3 B3

J2 24 | MM 2B ARl (Presentation #4)

LIVING PLACE ALLOCATION OCCUPATION to P&l
‘Alooation of agents b dockded based on Income csirbution dta,

G cf e stape 0 ertance e currert simudaton s 0 match and alocate PO ypes 1 occupatons 0 prove the working population
& designated grid cell roach s capacly, the allocation -m-—-mn-mmmdmmnmnm
accommodate additional agonts.

POl
{2
v
v
"
3
v
2
2
v
{2
9
v

(7]
3

A=z MR 2F
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— Presentation #3 :Enabling FAIR Access to NERC Data for Non—Academics
with LLM Chat-Style Approaches using the Digital Solutions Hub(Richard
Kingston, University of Manchester)

%

k

NERC(Natural Environment Research Council, UK)¢] tlx|d &FA4
13 (Digital Solution Program, DSP)2 THU|o|HE A F Lo}y,
FE80] 7ot MEEoIEE HEA, AR S FAIR 58 FEAI7I
2x= 9
A =
A, AGARE] S|
OpenAl®] GPT-49} 22 LLM2 E73SH tlo]g MEo tish of
A|Qste] Hghe Fofol AFEAE doly HM 9 Hds 7HASHSH
/\}ﬁx}ﬂ X}Oq‘ﬂ 9:43]% AESHH LLMo| dHo|8E AMSta wetd o8&

o 1
LAY
w do o |

Re

=
ol Tl HIAEIIE QU olHE aEFoR RS 80l ZhssiA

2 25 | MM 28 AHRlL (Presentation #3)

DSH

e apps, maps, dashboards, share

- | e A, P ——

A=z MR Z2Y

— Presentation #4 : Using New Sources of Data for Urban Climate Modeling

Generated through MLLMs on Street View Imagery(Andrew Crooks,

University at Buffalo)

%

54 71%, ofuxl 28 24 5 A8 deet 71y BuY doly a7
7b goluht sl gEe] HAIA wlolg AEZ} REe 43
HE B YT R AR D MLLM S B83te] 18] A AFelH 7
ol, 4], 7)ol et ARE EESE WPHL AN

S0 A gout g olsh @42 3
FEe) HHEE Bl FF Y] el o

fr ok
o

-
X
ot Fl
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O 26 | MM 2HE ARl (Presentation #3)

Overview of the Research Workflow

Methodology

Street View Image to Building Matching + acon

(a)

Building matching. (a) Identify camera's field of view based on image location and
compass angle. (b) An example of building matching.

A=z MR I

O (14:45-15:45) Housing and Real Estate Session
— Presentation #1 : Rapid development of a cloud—based chatbot for housing
policy enquiries (Dr Wayne Williamson, Macquarie University)
« EAAZO] Al ARS T AL uRAolL ARAL Tyxtere] W
o] B5F. olo] 71E WSH HolHE TEsha WEEQ AL Al
o] FHAE ZAAGEARNA &2l7] sl AR o] AE EEAES

F ZE AF 7| YA R AE ddRtEs tdeE Hage 7
o= ]

a2 27 | MM 2HE ARl (Presentation #1,#2)

T
I

1

ATWENTY-YEAR REVIEW OF THE WHAT IF?
PLANNING SUPPORT SYSTEM

A=z MR EE
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— Presentation #2 : A Twenty—year Review of the What if? Planning Support
System(Richard Klosterman, University of Akron)
«  TZAAE  FopollA  dE] ARREE AYX|YAIAE (Planning  Support
System, PSS)¢] slubel ‘what if’ @] ZAJAFQ] Klosterman 47} 20d2]
Aol sl =9
* what if AF&XFO] Tt 220l AEZAL AAE vl oz AFEAL ZPo] s
=t on &S 39 Christopher Pettit 34> & &3l olojd A
— Presentation #3 : Spatially Modelling Future Housing Planning Scenarios for
Gateshead Local Authority in North—-East England(Jingyan Yu, Newcastle
University)

rol
oy
>
)
ik
Sl
e
o
ol
oo
ot
oy
>
X
tot
Pa)
(o
o
i

o
=
e R W BANS, BN, J1FERY, N, A%

©% AgoH ol AY L9 1+ A
aE U EXol§MEE deouE Y Auel e Tes)

S v s

*  Annualincrease 775 dwellings
|* Two-tier Density 50 dph at

specified areas, 31 dph
} otherwise

\
\
+ Dwellings 3875, 15500 |

A= MA 2F
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O (16:15-17:15) Large Language Models & Generative Al Session
— Presentation #1 : Towards more Nuanced Spatial Reasoning and Behaviour in

Urban ABMs with Large—Language Models and Geospatial Foundation

Models (Nick Malleson, University of Leeds)

* QI7He] P5& REYSI= A2 ABM EopoA ol FQa3 Ao AHFH
ABM 7] oS F= A

« Qi RA R (LLM) 7|9 oo|HE Ag/dxt F7tdolg e xbs I
5% AR AA7IEA 577122 E (Geospatial Foundation Model) & &
oz aegozn A FARIRE] e AR BAE

— Presentation #2 : The Potential of Using Al in Urban Planning(Zehavit

0o,

O

Spitzer Zohar, Tel Aviv University)

« Al 7]es E85to] AAES dARESE olF A dAAdEE dE"o o
aff B7t

P AE WS FEAVOR EAAHE BREE WuYe B
Fled 2o Z2EES AAG

ol
=
L)

A

— Presentation #3 : Connecting the Public and Designers: A Generative Al
Framework for Participatory Urban Design(Yun HAN, The University of
Hong Kong)
¢ Folq EAAR, EAMACNN YHY ALY Agol e wET A7 3

e, iR, GAN 5% ZHUAIE Aet

« BOOE, EAZWolnR, 3D RYES BESel TAN, TP, a8

o
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© (10:30-14:00) UCL CASA 27HEAIMIE W

=

F7HEAME, CASA(Center for Advanced Spatial Analysis) : 9= Hd¢
1 (University College of London, UCL) AFs} ALAE =2 _‘1:_/\]9]— X]Cﬁ.oﬂ
DEA7IHE Algdold Rdel FHE q AASE AECRE ol 7|
| 9 A9 2dg] pEe] AFEQ IS 4395 Michael Batty 14
&%E 99dstal o]F Paul Longley i 50| &7 35+
: Dr Duncan Smith-Philyoung Jeong(UcL), #&3H /g3 Akl (2EA
P ddoA FFEFU TAAZS] Al E8AH E 167 EA] =
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] spanal Analysi bal Health >
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- 83 ¥eE 25U 68 129 YIZ1Is B HOIL(Gemini)E P uoriny el Lo 8
228 22 Al AT =3 "Extract'E 2M .j (7, %
+ Multimodal Al /1SS #2610 TAAE BHY NEES - AT ] r
Ok CITIE 8 ;
« EJ|HQIMibd SHHOR T HE SYIHE0l £M A 2HS Y ) y =
oH01 ClARWN S S ATER g s R
+ FASI S SANE BB EAYE YN, UL ' Y AT
Oj219} LY IS AZHE BaE e L T e
+ Hillingdon, Nuneaton & Bedworth, ExeterMlM A% At X1 it bloa geoglefsround- o i 18 it
C BRI TSN A S W EE Y R SANE B o e
S0 HEet extractE NE L EE S

= 3|9 HIS HIHOR YCADEAEINAR 2025 AHAA EAMH SAT Al ZA| 75) LEAE 4

Xz

XXt 2. WSCE 2025 LEXI=(ZSEH

O (14:00-16:00) A& A = H=FF=n]
o (20:40) 3=2 FF =9 - (17:30+1¥) AH(ICN) =2

_30_



=lo]| =X} |- X I-% i
22 1. SHK HARisH
AS K792

_ 3| gl 5
SICHOFAFR A|B| A} HAL grE5H Ll =H0lA

E-Ticket Passenger Itinerary & Receipt
BEA-ZTE LT TEL: 02-3665-3033 2025/05/30
B £# 5w (Passenger Information)

- &7 ME (Passenger Name)  : KIM/DONGHAN MR (07 60624% =+ x)

« FEZH HS (Ticket Number) 1 9882816261455

- o|ef 15 (Booking Reference) : (OZ&3)60DVRY, (1B) MGDDHF
 Hota 2 (tinerary nformation) Lrswnnnres RUER MY
07 521 ASIANA AIRLINES
SRR, . . GO SR Lo 5 TR = L. — R B H#Mz | dE
=1 SEOUL INCHEON INT(MQ) 22JUN12:20 TERMINAL 1 )

5 ECONOMY/M 4:30 0K
S%  LONDONHEATHROW(RNE) 22JUN18:50  TERMINAL2  C_OnoMYM 1430 OK
%’%’N{Via) g ZH(Seat Number) : 16C 2% 7|7k, Not Valid Before

4512 (Baggage) : 1PC 2 (Fare Basis) - MKWKP (Validity) " Not Valid After 22JUN26
07 522 ASIANA AIRLINES
e EAEE L BAA: o HelE  BEa  HIBARE R
e LONDON HEATHROW( '|} 271UN 20:40 TERMINAL 2 i
ET‘} ... SEQUL INCHEON INT(klg‘) 28JUN 17:30 TERMINALT ECONOM‘”M . 1250 ) OK

zl (Via) : 214 (Seat Number) © 166G o5 7|2+, Not Valid Before
24518 (Baggage) : 1PC 2% (Fare Basis) : MKWKP (Validity) “ Not Valid After  22JUN26
SolE £o179/

= okl HFSH SF0
S{CHOMARAIB] AL AL s T ZHOlN

B4 ¥EE 22 TEL: 02-3665-3033

‘ L5 &47¢ 22 (Passenger Information)
P &7 M3 (Passenger Name)

» 83 #S (Ticket Number)

* Cflof ¥S (Booking Reference)

| E oA ZHE (ltinerary Information)

07 521 ASIANA AIRLINES
_ENEE

" 'SEOUL INCHEON INT(M8)
LONDON HEATHROW (A

E:x}
E °7~1 (Via) :
2452 (Baggage) : 1PC

07 522 ASIANA AIRLINES
L EABY
LOND'ON HEA'D—IROW( '.:'_|}

SEOUL INCHEON INT(A2)

Ez}

2|(Via) :

=245t2(Baggage) : 1PC

E-Ticket Passenger ltinerary & Receipt

2025705730
: SUNG/HYEIUNG MS (OZ 4867 1x+x)
: 9882816261457
: (0Z83)60DVRY, (1B) MGDDHF
s roes UER EHOEY

I - R S T
ZZJUN 128 20 TERMINAL 1
CONOMY/M 14:30 oK
22JUN 1850 TERMINALZ E e T o
214 (Seat Number) : 19H 2= 7|7t , Not Valid Before
= U(Fare Basis) : MKWKP (Validity) " Not Valid After 22JUN26
Lo EAANg o Holg L BEA  BIEARE R
27JUN 20:40 TERMINAL 2
ECONOMY/M 12:50 OK
LLZBIUNTT30  TERMINAL T e
24 (Seat Number} 17H 27 7|7}, Not Valid Before
2W(Fare Basis) : MKWKP (Validity) " Not Valid After  22JUN26

_3’]_




F=2435t2(Baggage) : 1PC

= H{Fare Basis) : MKWKP

Akl £79le]
= =1 Ht5H =0
SICHOLALRAIB| A} A g5 2l =0IM
E-Ticket Passenger ltinerary & Receipt
DO Qe 4 TEL: 02-3669-3033 2025 /05 /30
B &2 A= (Passenger Information)
+ 524 49 (Passenger Name) @ KIM/DAVID MR (OZ 46707« xx=)
+ B2 M HS (Ticket Number)  : 9882816261456
+ 0f°f #1& (Booking Reference) : (OZZ3)60DVRY, (1B) MGDDHF
I Eg g 3= (Itineraq Information) _.l‘-_uum. ARUINES li’lE‘I‘:o'! ﬂ'ﬁﬂlﬂ
07 521 ASIANA AIRLINES - ) _ -
i B i B BTN 1. = TR b N o -
i SEQUL INCHEON INT(A{ &) 22JUN 12:20 TERMINAL 1 2
= ECONOMY/M 14:30 0K
=3t LONDON HEATHROW(S) 22JUN18:50  TERMINAL 2 O .
FAl(\Via) ZH(Seat Number) : 16H 2% 7|7t . Not Valid Before
S 24512 (Baggage) ' 1PC U (Fare Basis) - MKWKP (Validity) " Not Valid After 22JUN26
0Z 522 ASIANA AIRLINES _
e EAERBAUAA LHEE EEe | BlEAZ
i LONDON HEATHROWI(ZE) 27JUN 20:40 TERMINAL 2 ’
= ECONOMY/M 12:50 OK
3 SEQULINCHEON INT(A€) 28JUN17:30  TERMINAL 1 A o
FAl{Via) : Z4(Seat Number) 1 17C o#& 7|7t . Not Valid Before

(Validity) " Not Valid After 22JUN26

_32_




